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Abstract. The article investigates how intelligent digital tools help future
English language teachers prepare their educational materials through theoretical
and practical assessments. The research holds importance because education
continues to digitalize while teachers need better training methods for teaching
students with different learning needs.

The research aims the proposed material adaptation method through
empirical testing to measure its impact on task modification quality and student
learning content understanding and achievement results. The research examines
digital educational environments through theoretical adaptation analysis and
educational material transformation parameter identification and intelligent
digital tool assessment for support.

The research establishes digital educational environment adaptation
definitions and demonstrates its role in enhancing teaching effectiveness through
scientific methods. The research presents how Al technology can improve
educational content and teaching methods for teacher education programs.

The methodology combines scholarly review with student proficiency
testing followed by a 15-week teaching experiment and experimental and control
group comparison and expert assessment of modified assignments.

The research’s result shows that Al-based adaptation methods lead to better
CEFR descriptor alignment and lower student mental effort while making content
more organized and tasks more effective.

The research adds value to educational practice through its development
of methodological principles for material adaptation and its proof of intelligent
digital tools for teacher education of future foreign language instructors.

Keywords: intelligent digital tools, material adaptation, teacher education,
Al-based methodologies, digital educational environments, empirical testing,
CEFR alignment, learning outcomes

Introduction

The higher education system in Kazakhstan operates through digital
transformation which modifies educational content and teaching methods
and learning technologies. The development of higher education and science
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received its foundation from three essential regulatory documents which include
The Regulation “Approving the Concept of Development of Higher Education
and Science for 2023-2029” No. 248 (March 28, 2023) [1] and The Regulation
“Approving the Concept of Development of Artificial Intelligence for 2024-2029”
No. 592 (July 24, 2024) [2] and the President’s message “The third Modernization
of Kazakhstan: Global Competitiveness” (January 31, 2017) [3] which demands
a new educational framework that delivers contemporary skills and knowledge.
The documents direct the higher education system to build adaptable learning
systems which understand student differences and develop skilled workers for
competition.

The execution of personalized education methods at universities encounters
multiple significant obstacles. The combination of large student numbers and
insufficient teaching time and varying student abilities and insufficient adaptive
resources and insufficient customization tools makes it difficult to create enduring
individual learning paths which negatively impacts students’ professional and
academic skill development.

Research about personalization exists throughout foreign countries and
within Russian and Kazakh educational fields. B. Bloom established the foundation
for international research through his work on mastery learning which included
student material access customization. C. Dede established personalization
through digital platforms which adapt to student individual needs [4, 186 p.]. D.
Rose and A. Meyer demonstrated through Universal Design for Learning that
information presentation variability and expression and participation options
create essential learning conditions [5, 140 p.].

Russian researchers view personalization as an essential element of their
personality-oriented educational approach. A.V. Khutorskoy demonstrated how
to create individualized educational materials [6, 25 p.]. A. A. Verbitsky links
personalization to contextual learning organization which bases student work
experience [7, 93 p.].

Kazakhpedagogy primarily links personalization to the specific requirements
of bilingual education and diverse student groups. K K. Kussainova defines
personalized learning as an educational system which adjusts its approach based
on student performance levels and their linguistic and cultural backgrounds [8,
45 p.]. N. Abdrakhmanova demonstrates that foreign language teaching requires
personalized approaches through student level differentiation [9, 62 p.].

A learning organization that implements personalization uses multiple
methods to adjust content and teaching approaches and assessment methods
and learning pace based on student individual characteristics including their
knowledge level and perception style and interests and career objectives.

The process of learning foreign languages requires special attention to
personalization methods. Student individual characteristics play a major role in
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developing their ability to learn new information. The international frameworks
CEFR, Pearson GSE and Cambridge establish specific requirements for text
complexity and task communicative direction and exercise organization [10].
The current educational materials fail to match student abilities and learning
needs which results in decreased student interest and excessive workload.

The process of modifying educational materials stands as a vital
customization instrument for teaching. Foreign Language Learning defines
adaptation as the process of transforming educational content to match student
abilities and cognitive needs and communicative requirements (J. C. Richards, B.
Tomlinson, I. McGrath) [11-13]. Russian authors define adaptation as the process
of modifying tasks based on student age and their cognitive and sociocultural
characteristics (N. D. Galskova, I. L. Bim, G. Siemens). The Kazakh educational
system defines adaptation as modifying educational content through changes in
material structure and volume and linguistic complexity to support multilingual
and multilevel learning environments (Zh. Kussainova, N. Abdrakhmanova) |8-
9]. The process enables teachers to create materials that suit all student needs
while preserving consistent educational standards.

The solution process continues to face multiple unresolved problems. The
development of adaptation algorithms together with quality standards for adapted
materials and CEFR tool adaptation methods will enable scientists to measure the
success of these solutions objectively [14].

Artificial intelligence technologies bring forward fresh possibilities for
educational development. The development plan for Artificial Intelligence from
2024 to 2029 establishes Al as a fundamental educational tool for modernizing
teaching methods [2]. The system uses automated methods to evaluate text
complexity and detect challenging language sections while producing material
versions at different levels and searching for content and building personalized
assignments and connecting exercises to CEFR references and forecasting student
mistakes and generating customized learning routes from data [15, 112 p.]. The
system decreases teacher work while producing more accurate and adaptable
material adaptations.

The scientific community recognizes research about teaching material
adaptation through Al technology as a vital academic and practical challenge. The
development of purposeful algorithmic procedures will enhance learning content
accessibility while making it conform to international standards and establish
conditions for students to build enduring personalized language abilities.

Materials and methods

The research materials and methods followed the sequence of tasks which
the “Introduction” section described. The research design used scientific methods
to study how teaching materials adapt to student needs through digital technology
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implementation in foreign language education. The research used J.C. Richards’
definition of content adaptation which involves specific processing for student
needs and levels [11, 132 p.] and B. Tomlinson’s teaching material development
approach which stresses authenticity and communicative alignment [12, 224
p.] and 1. McGrath’s definition of adaptation as complexity management and
cognitive load reduction [13, 113 p.].

The Kazakh studies field defines adaptation through its method of uniting
educational content with multiple bilingual education objectives (Zh. Kussainova
and N. Abdrakhmanova and others).

The authors support this perspective which views teaching material
adaptation as a scientific method to transform educational content and delivery
methods and structures. The main objective of this process involves achieving
equilibrium between educational content and student learning abilities and their
educational requirements and digital learning environment needs. The research
methodology followed this adaptation definition to develop an empirical
assessment method for evaluating the proposed solutions.

The experimental section spanned 15 weeks of a semester at the Abilai
Khan University of International Relations and International Languages of
Kazakhstan. The research included 64 third-year students who studied “Modern
methods and technologies of foreign language education at the secondary school
level”. The students demonstrated English language proficiency between A2 and
B1 levels.

The students participated in two separate groups to evaluate which
adaptation techniques worked best. The experimental group received assistance
from artificial intelligence tools to adapt their materials but the control group used
conventional digital assets without artificial intelligence algorithms. The teacher
who taught both groups maintained equal teaching conditions while preventing
pedagogical practice variations from affecting the results.

The experiment became necessary to prove how well the proposed
adaptation model works when teaching future English teachers. The teacher’s role
in transforming study materials into school practice made student participation
from the Pedagogical Direction possible to evaluate adaptation levels and identify
common challenges and assess material preparation quality.

The original task content derived from official English school teaching
materials which the Ministry of Education of Kazakhstan recommends for grades
5to9including “English File”, “Solutions”, “Against the World” and “Eyes open™.
The selection of materials stems from the need for future teachers to master these
resources through appropriate student-level adjustments. The housing contained
activities which developed vocabulary and grammar and reading and listening
and writing skills to create authentic methodological training conditions.

448 BULLETIN of Ablai Khan KazUIRandWL



THE USE OF AI TECHNOLOGIES TO ADAPT DIDACTIC MATERIALS IN TEACHING ...

The language assessment took place before students began their adaptation
work. The assessment consisted of CEFR scale input tests and mini-written work
analysis and error identification. The method follows M. Sharples’ student needs
assessment principles [15, 65 p.] to establish precise student starting points. The
diagnostic results revealed which elements required adaptation through their
assessment of lexical complexity and textual structural density and instruction
clarity and gender sensitivity and communicative extent.

The adaptation process employed artificial intelligence technology for its
execution. The language models ChatGPT-4/5, Claude 3 Opus, DeepSeek R1,
Gemini Advanced, Microsoft Copilot were used together with specialized services
including repropose (vocabulary simplification) and Text Inspector (complexity
analysis) and CEFR control (level definition) and Lengoo Al (formulation
adaptation). The tools enabled users to modity text difficulty levels and exercise
structures and instructions and material amounts and generate different skill levels
for each assignment. The method follows G. Siemens’ recommendation about
digital analysis for adaptive learning [14, 56 p.] and M. Sharples’ explanation
about Al-based learning pathway personalization [15, 67 p.].

To diversify the material, we used broad Al tools alongside niche ones -
chosen based on learning goals and project aims. Throughout the process, each
Al performed their uniqueness, depending on the type of work and the situation.
Instead of swapping them freely, their duties stayed clear and matched the
evolving work.

Using ChatGPT - specifically versions 4 and 5 - mainly shaped how lessons
were rewritten, how activities were rearranged, and how new versions at varying
CEFR skill levels were created. The reason for choosing it lay in its ability to
hold onto what the message truly means, even when words or structures changed
or when the overall assignment shape shifted.

Claude 3 Opus helped to rewrite the lengthy texts, keep meaning clear and
writing smooth, especially when readings got long. It worked better at staying
true to how ideas flowed during changes in text structure. Reliability showed up
more clearly while shaping complex written output.

Gemini Advanced demonstrated the advantages of how it handled word
choices and rephrasing, particularly when building vocabulary tasks. Its strength
lay in offering several alternative words without losing meaning in context. That
specific trait - generating varied options while staying accurate - was why it was
chosen.

At the analytical level, DeepSeek R1 detected tricky sentence structures
and mentally demanding chunks. Instead of creating output, it served to assess
and classify. Its role leaned toward evaluation, not content generation.

Besides broad language systems, dedicated Al tools helped shape the work.
Tools like Text Inspector and CEFR Checker analyzed word choice, sentence
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length, and match to common learning stages, ensuring clear and fair skill
judgments. Vocabulary got easier through Rewordify’s processing. Clarity in
framing tasks came partly from Lengoo Al’s adjustments. As a result, we see
their fit to what teachers do when adapting lessons. Then there is how easily
students and trainers actually use them. Last came whether each aligns well with
how language skills vary at different CEFR levels.

Looking at 7able I shows how Al tools are used across various purposes
and steps in adapting materials. It turns out people leaned on big language
systems alongside niche Al platforms, each handling distinct teaching goals like
matching language levels, reducing word complexity, rephrasing assignments,
and reviewing outputs.

Table 1. Functional differentiation of Al tools used in the study

Al tool Primary function Stage of adaptation | Reason for selection

ChatGPT Task reformulation, level | Text transformation | CEFR-sensitive  output,
adaptation communicative focus

Claude 3 Opus |Coherence and discourse | Quality assurance Logical consistency
control

Gemini Lexical variation Vocabulary adaptation | Contextual accuracy

Advanced

DeepSeek R1 | Structural analysis Diagnostic stage Detection of  syntactic

overload

Text Inspector | Complexity analysis Level identification | Objective CEFR alignment

CEFR Checker | Level verification Quality control Standard-based assessment

Rewordify Vocabulary simplification | Lexical adaptation Cognitive load reduction

Lengoo Al Instruction reformulation | Task clarity Instructional transparency

The three adaptation levels for each task included basic and two additional
versions at different difficulty levels. The simplified version of the task involved
adding glosses to key terms and using uncommon words and shortening the text
content. The fundamental objective of the task remained intact while removing
all additional challenging elements. The extended version added complexity
to the material while raising the level of required communication. The format
follows established international standards for curriculum differentiation [2; 3].

The training program included adapted materials at its conclusion.
Students completed both original and modified assignments to determine how
content adaptation affected their understanding and their ability to complete
tasks and their perception of task organization. The research employed formative
assessment elements from Rose and Meyer [5] which included student self-
assessment and peer assessment and error identification. The expert evaluation
of quality followed CEFR standards while assessing both cognitive load and
methodological accuracy.
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The research system consists of complete elements which start with
scientific literature evaluation followed by teaching material selection and student
level diagnosis and Al-based content adaptation and pedagogical evaluation of
received tasks. The methodological framework enables researchers to evaluate
artificial intelligence potential for teaching material adaptation for English
teacher education through objective assessment.

Results and discussion

The research analysis used existing materials and methodological
procedures to study how artificial intelligence impacts task quality and student
exercise success. The experiment consisted of multiple sequential phases which
started with CEFR scale diagnosis followed by self-material adaptation and task
completion and final observation. The researchers analyzed all data points to
identify experimental and control group variations.

The Results section demonstrates quantitative and qualitative data obtained
during the 15-week teaching experiment. The research spanned one academic term
with 64 third-year students who possessed English abilities at A2-B1 levels. The
research participants received equal distribution between two separate groups.
The Experimental team used artificial intelligence tools to adapt materials while
the control group used manual adaptation methods. The teacher who led both
groups maintained consistent teaching methods which prevented teaching style
variations from affecting student results.

The research team examined the effectiveness of teaching material
transformation as their first analysis point. The experimental group showed
better success rates in word processing tasks from the beginning of the study.
The experimental group students achieved better results through their ability
to reduce cognitive load while keeping their learning targets and following
CEFR descriptors and maintaining task structure. The control group students
demonstrated common manual adaptation problems which included task
simplification and instruction logic breakdown and loss of essential content and
failure to meet target level requirements.

To record the differences, a Table 2 was created, which reflects the basic
parameters of the quality of adaptation.

Table 2. Quality of materials adaptation in two groups

Indicator Experimental group | Control group
CEFR compliance 87% 63%
Cognitive load reduction 82% 58%
Structural clarity of the assignment 90% 67%
Maintaining a learning goal 84% 61%
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Looking at Table 2, the test group showed better results in every area
checked. These include adherence to CEFR rules, lower mental effort, clearer
task organization, and keeping learning goals intact.

What helped the experimental group meet CEFR standards more effectively
was having Al-based tools check language levels and analyze sentence complexity
automatically. Instead of relying on guesswork, educators used resources like Text
Inspector and CEFR Checker to see grammar and vocabulary structure clearly.
This precision lowered mistakes that often arise when adjusting lessons by hand.

The fact that artificial intelligence broke long texts into smaller parts using
simpler words helped to reduce students’ mental efforts. When complex sections
were spotted and reworked, learners found space to think about learning goals
instead of wrestling with sentences.

As aresult, Al helped shape instructions more precisely. Tools like language
models rearranged sentences, removed confusion, while matching what learners
needed to do with what each assignment truly aimed to teach.

The identified differences require explanation through an analysis of student
work algorithms with materials. The research team created 7able 3 to demonstrate
the Al-based material adaptation process sequence. The Scheme demonstrates
how the experimental group achieved their advantages during specific stages of
the process.

Table 3. Algorithm for adapting educational materials using Al technologies

Stage

Stage Content

Tools / Notes

1. Analysis of
the source mate-
rial

Definition of the educational purpose, genre of the
text, structure, level of informativeness and potential
difficulties.

The student’s ana-
lytical work.

2. Determining
the CEFR level

Automatic analysis of lexical frequency, syntactic
complexity, and compliance with level descriptors.

CEFR Checker, Text
Inspector.

3. Choosing an
adaptation strat-

cgy

Definition of the type of transformation: simplifica-
tion, structuring, glossing, changing the assignment
format.

Methodical choice of
the student.

4. Text adapta-
tion

Generation of adapted versions of the material: sim-
plified, basic and advanced.

ChatGPT, Gemini,
Claude, DeepSeek
R1, Rewordify.

5. Quality con-
trol of adapta-
tion

Analysis of the level correctness, transparency of the
formulation of instructions, and preservation of the
learning goal.

Automatic verifica-
tion + expert evalu-
ation.

6. Human
editing

Correction of formulations, elimination of inaccura-
cies, correction of style and content.

Editorial revision by
the student.

7. Implementa-
tion and analy-
sis

The use of adapted material by students, the analysis
of implementation, the identification of errors and cor-
rection of adaptation.

Educational practice
+ monitoring.

Table 3 shows the sequence of stages of adaptation of didactic material on
the basis of Al-tools.
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The following step involved evaluating how well the system identified
material difficulty levels. The CEFR requires proper material leveling as its main
condition so Table 4 shows the differences between the two groups.

Table 4. Accuracy of the CEFR level classification

Group The proportion of correctly Examples of typical errors
defined levels
Experimental |89% Errors in the analysis of saturated structures
Control 62% Incorrect assessment of vocabulary and syntax
level

Table 4 illustrates the proportion of correctly determined CEFR levels
in both (experimental and control) groups. As we see, the experimental group
showed a higher level of dealing with difficult tasks.

The Diagram 1 shows the complete workflow sequence of both groups
through its visual representation. The diagram presents the complete workflow
starting from diagnosis until it monitors the achieved results.

1. Diagnosis

5. Monitoring 2. Adaptation

4. Implementation 3. Verification

Diagram 1. The cycle of adaptation of didactic materials using artificial
intelligence technologies

The experimental group showed better consistency in their adaptation cycle
because they needed fewer decreases than previous phases according to Diagram
1. The Al system provided analytical support to students which enabled faster
decision-making without taking over their work.

The final analysis focused on student success when completing learning
assignments. The results from all four exercise types appear in Table 5.

Table 5. Success rate of tasks after adaptation

Task type The experimental group | The control group
Reading 78% 61%
Lexical and grammatical exercises 82% 66%
Written mini-assignments 74% 59%
Interpretation of the instructions 88% 64%
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According to Table 5, success rates of tasks were higher in the experimental
group, especially for interpreting instructions and lexico-grammatical exercises.

The collected data demonstrates that artificial intelligence technologies
have successfully enhanced the process of learning material adaptation. Students
achieved better processing accuracy through Al assistance which also helped
them perform better in practical tasks and made fewer mistakes while meeting all
CEFR requirements. The results show that Al-based adaptation methods achieve
high efficiency when used for training future foreign language teachers.

Looking at the results, we are able to understand that the outcomes were
obtained by comparing how the adjusted versus unaltered groups responded
when using Al-tailored materials.

What might explain the better CEFR performance in the test group is how
they relied on artificial intelligence systems that closely inspect word counts
and sentence structure. By removing human bias from review, these tech-based
checks improved matching of activity level to official proficiency standards.

What stands out in the experimental group is a clear drop in mental effort
- likely due to artificial intelligence spotting tricky parts of text and reshaping
them on the fly. Instead of handling routine tasks by hand, students let machines
manage setup work, freeing up energy for teaching choices and guidance.

What helped clarify tasks mostly came from Al adjusting how instructions
were worded. With smarter layouts plus simpler phrasing, people found it easier
to follow directions. This shift led to more completed jobs than before.

Looking at everything, the findings point toward Al-helped material changes
fitting into a clearer, better-structured way of shaping lessons. What stands out is
not just quick processing but how Al offers tools for analysis and insight. Success
here comes less from automatic work, more from what the technology can reveal
during planning.

Results show changes in the test group mainly come from how Al adjusts
lessons. Instead of relying on guesswork, tools checked language skill levels
using CEFR rules. These systems also examined sentence complexity and fixed
common mistakes caused by oversimplification. Adjusting wording during
rephrasing lowered errors tied to grammar shifts or missing learning goals.

Using Al helped learners choose options by real data instead of guesses,
leading to sharper logic and fewer mistakes. This shift turned adjustments clearer
and step-by-step, yet every educational call still sat with the student.

Conclusion

Looking at things closely, the research checked how artificial intelligence
shapes the change of learning materials in training teachers of foreign languages.
It turned out Al helps adjust methods better while creating more effective lessons
than standard online platforms. Flexibility improved when technology adapted on
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its own during lessons. What stood out was the shift from fixed plans to smarter
updates every step of the way.

Findings show Al helps align content better with CEFR standards. Structure
of lessons becomes clearer through automated analysis. Task complexity now
more closely matches individual skill levels. Technology does not stop at editing
- it aids teaching strategies too. Students receive support in both material changes
and problem-solving approaches. This dual function gives educators stronger
grounds for choices. Insights gained are often deeper because of the tools’ role.

Still, how well Al helps adapt things hinges on solid methods plus steady
human checking. Teacher judgment hasn’t lost its importance - it keeps outcomes
meaningful, fair, and fitting the real world. Seen this way, machine learning acts
more like a helper analyzing data, not a replacement for trained insight.

Looking ahead, Al might help shape better teacher training while fitting
lessons to varied student needs. A closer look at how different Al tools compare
could lead somewhere useful. Methodology needs clearer rules so schools know
how to use these tools without guesswork. Another path involves building local
hubs for tailored teaching materials. These spots would store reworked courses
over time. That kind of access may strengthen skills in digital tools among
educators. Inclusion efforts may also gain ground when resources are easier to
reach.

REFERENCES

[1] Konnenuusi pa3BuTHs BbICIIEro oOpa3oBaHus U Hayku PecmyOmuku
Kazaxcran Ha 2023-2029 ronsl. — Actana, 2023. URL: https://adilet.zan.kz/rus/
docs/P2300000248 [nata obpamienus: 08.12.2025]

[2] Konmenmusi pa3BUTHS HCKyCCTBEHHOTO HHTE/UIEKTa B PecmyOnuke
Kazaxcran Ha 2024-2029 ronsl. — Actana, 2024. URL: https://adilet.zan.kz/rus/
docs/P2400000007 [mata obpamienus: 08.12.2025]

[3] Hazap6aes H. A. Tpetbst monepuusanus Kazaxcrana: roOanbHas
KoHKypeHTocrocoOHoCTh: Ilocmanue Ilpesunenta PecnyOnmuku Kazaxcran
Hapoay Kazaxcrana. — Acrana, 2017. URL: https://www.akorda.kz/ru/addresses/
addresses_of president/poslanie-prezidenta-respubliki-kazahstan-n-nazarbaeva-
narodu-kazahstana-31-yanvarya-2017-g [nara oopamenus: 08.12.2025]

[4] Dede, C. Digital Teaching and Learning: New Tools for Deep Learning.
— Cambridge, MA: Harvard University Press, 2018. - 224 p.

[5] Rose, D., & Meyer, A. Universal Design for Learning: Theory and
Practice. — CAST Publishing, 2014. - 266 p.

[6] Xyrtopckoit A. B. Ilemaroruka: mHOpOeKTHUPOBaHME JIMYHOCTHBIX
oOpa3oBarenbHBIX TpackTopuid. — MockBa: Akanemusi, 2005. - 208 c.

[7] BepOuukuit A. A. KonrekctHoe oOyueHue: Te€opusi M HpPaKTUKA. —
Mocksa: Jloroc, 1999. — 272 c.

Series “PEDAGOGICAL SCIENCES” Ne 1 (80) 2026 455



Talapova A.K., Chaklikova A.T., Temirgaliyeva S.Z., Islam A.

[8] Kycaunosa XK. Pazsutue muorosi3sraanoro oopasosanus B Kazaxcrane //
Bectauk KazHITY. — 2018. — Ne 2. — C. 45-51.

[9] AGmpaxmanoBa H. [uddepenumanmss B 0O0y4eHHUM WHOCTPAHHBIM
si3pIKaM: Mpobiembl U myTH pemieHus // Kazaxckuit xkypHan oOpa3oBaHuUs. —
2020. — Ne 3. — C. 62-68.

[10] Council of Europe. Common European Framework of Reference
for Languages: Learning, Teaching, Assessment (CEFR). Companion Volume.
— Strasbourg: Council of Europe, 2020. URL: https://www.coe.int/en/web/
common-european-framework-reference-languages [mara oOpamenusi: 07.12.
2025]

[11] Richards, J. C. Curriculum Development in Language Teaching. —
Cambridge: Cambridge University Press, 2017 (2nd ed.). — 336 p.

[12] Tomlinson, B. Developing Materials for Language Teaching. —
London: Bloomsbury, 2013. — 416 p.

[13] McGrath, I. Materials Evaluation and Design for Language Teaching.
— Edinburgh: Edinburgh University Press, 2013. — 312 p.

[14] Siemens, G. “Learning Analytics: The Emergence of a Discipline.” //
American Behavioral Scientist. - 2013. - 57(10). — p. 1380-1400.

[15] Sharples, M., McAndrew, P., Weller, M. Rethinking Pedagogy for a
Digital Age. — London: Routledge, 2019. - 256 p.

REFERENCES

[1] Kontseptsiya razvitiya vysshego obrazovaniya i nauki Respubliki
Kazakhstan na 2023-2029 gody [Concept for the Development of Higher
Education and Science of the Republic of Kazakhstan for 2023-2029]. — Astana,
2023. URL:https://adilet.zan.kz/rus/docs/P2300000248 [data obrashcheniya:
08.12.2025] [in Rus]

[2] Kontseptsiya razvitiya iskusstvennogo intellekta v Respublike
Kazakhstan na 2024-2029 gody [Concept for the Development of Artificial
Intelligence in the Republic of Kazakhstan for 2024-2029]. — Astana, 2024.
URL:https://adilet.zan.kz/rus/docs/P2400000007 [data obrashcheniya:
08.12.2025] [in Rus]

[3] Nazarbayev N.A. Tret’ya modernizatsiya Kazakhstana: global’naya
konkurentosposobnost” [The Third Modernization of Kazakhstan: Global
Competitiveness]. Address of the President of the Republic of Kazakhstan to
the People of Kazakhstan. — Astana, 2017. URL: https://www.akorda.kz/ru/
addresses/addresses_of president/poslanie-prezidenta-respubliki-kazahstan-
n-nazarbaeva-narodu-kazahstana-31-yanvarya-2017-g [data obrashcheniya:
08.12.2025] [in Rus]

[4] Dede, C. Digital Teaching and Learning: New Tools for Deep Learning.
— Cambridge, MA: Harvard University Press, 2018. - 224 p.

456 BULLETIN of Ablai Khan KazUIRandWL



THE USE OF AI TECHNOLOGIES TO ADAPT DIDACTIC MATERIALS IN TEACHING ...

[5] Rose, D., & Meyer, A. Universal Design for Learning: Theory and
Practice. — CAST Publishing, 2014. - 266 p.

[6] Khutorskoy A.V. Pedagogika: proektirovanie lichnostnykh
obrazovatel’nykh traektoriy [Pedagogy: Designing Personal Educational
Trajectories]. Moscow: Akademiya, 2005. 208 p.

[7] Verbitskiy A.A. Kontekstnoe obuchenie: teoriya i praktika [Contextual
Learning: Theory and Practice]. Moscow: Logos, 1999. 272 p. [in Rus]

[8] Kusainova Zh. Razvitie mnogoyazychnogo obrazovaniya v Kazakhstane
[Development of Multilingual Education in Kazakhstan]. Vestnik KazNPU,
2018, no. 2, pp. 45-51. [in Rus]

[9] Abdrakhmanova N. Differentsiatsiya v obuchenii inostrannym yazykam:
problemy i puti resheniya [Differentiation in Foreign Language Teaching:
Problems and Solutions]. Kazakh Journal of Education, 2020, no. 3, pp. 62—68.
[in Rus]

[10] Council of Europe. Common European Framework of Reference
for Languages: Learning, Teaching, Assessment (CEFR). Companion Volume.
— Strasbourg: Council of Europe, 2020. URL: https://www.coe.int/en/web/
common-european-framework-reference-languages [data obrashcheniya: 07.12.
2025]

[11] Richards, J. C. Curriculum Development in Language Teaching. —
Cambridge: Cambridge University Press, 2017 (2nd ed.). — 336 p.

[12] Tomlinson, B. Developing Materials for Language Teaching. —
London: Bloomsbury, 2013. — 416 p.

[13] McGrath, I. Materials Evaluation and Design for Language Teaching.
— Edinburgh: Edinburgh University Press, 2013. — 312 p.

[14] Siemens, G. “Learning Analytics: The Emergence of a Discipline.” //
American Behavioral Scientist. - 2013. - 57(10). — p. 1380-1400.

[15] Sharples, M., McAndrew, P., Weller, M. Rethinking Pedagogy for a
Digital Age. — London: Routledge, 2019. - 256 p.

IIETEJ TUITH OKBITYIA THJIAKTUKAJIBIK
MATEPHUAJIAAPIBI EEI?IIMI[EY YHIIH )KACAH/JIbI UHTEJIJIEKT
TEXHOJIOT'UAJIAPBIH KOJIJAHY
*Tanamosa A.K.!, UakiukoBa A.T.2, Temupranuesa C.3.°, Mcnam A.*
*1234 Aopinait xaH areiHgarsl KasXKokxOTY, Anmarsl, Kazakcran

Anparna. Makanajga MHTEUIEKTyal bl TUQPIIBIK KypaiaapaslH Oonamak
arbUILLIBIH TUIl MyFaJiMJEpIHE OKYy MaTepHaslJapblH 93ipiiey YIepiciHae Kajal
KOJ1JIay KOPCETETIHI jKaH-)KaKThl 3epTTenei. by 3eprrey Kasipri 6u1im O6epyiH
KApKbIHABl IUQpIaHy XKarJalblHOa epeKkile MaHbI3Ibl, ce0edi Typial OKy
Ka)KeTTUIIKTep1 0ap CTyIeHTTepre canasbl 011iM Oepy YILiH MyFaliMIEp/IiH KociOu
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JMAWBIHBIK JIEHTeHIH apTThIPy KAXKETTUIIr alKbiH ce3uryae. MHTemmekTyanbl
Kypajjap OKy TallChIpMaJlapblH OeiiMeyre, Ma3MyH/IbI TYCIHIKTI €Tyre KoHe
CTYJIEHTTEpIH OKY JXYKTEMECIH OHTalJIaHIbIpyFa MYMKIHIIK O€peTiH THUIMI1
HiemiMaepaiH 0ipl peTiHae KapacThIpbUIabl.

3epTTeydiH Heri3ri Makcarbl — YCBIHBUIFAH MaTepuajaapabl Oeilimaey
OMICIH SMIIMPHUKAIBIK TYPFbIJA CBhIHAKTaH OTKI3IN, OHBIH TallChlpMaapabl
©3repTy calachlHa, OKYy Ma3MYHBIH MEHIrepy JCHIeHiHEe YKOHE CTYAEHTTEpPIiH
OKY JKETICTIKTepiHE BIKHaJIbIH aHbIKTay. Ocbl MakcarTa HUQPAbIK OLTiM Oepy
OPTaCBIHBIH TEOPUSUIIBIK HET13/I€p1 TaJIIaHbIIl, OKY MaTepHUaAapbIH TYPJICHIIPYIIH
Heri3ri napameTrpiepi aikbiHaanaasl. CoHbIMeH Oipre, OCbl YAEpiCcTi KOJIIaUThIH
MHTEJUIEKTYalAbl UUQPIBIK KypanJaplblH THIMAUII capantaMaiblK Typhae
OarayiaHa/Ibl.

3eprTey OapbichiHAa LTUQPIBIK OUTIM Oepy oprachlH OeliMJey TYCIHIr
HAKTbUIAHBIN, OHBIH OKBITY THUIMAUIILIH apTThIpyFa OarbITTajFaH FbUIBIMU
Heri3zaepi kepceTinenl. Kacanabl HHTEIEKT TEXHOIOT UsUIapbIHbIH [IE1arorTapsl
nasipiiay OarmapiiamaliapblHia OKYy KOHTEHTIH JKETUIIIpyre, TarchlpMaliapibl
OHTaWJIaH/BIPyFa JKOHE OKBITY OJICTEMECIH >KaHFBIPTYFa MYMKIHJIK OepeTiHi
TSI ICHE].

Oicteme oie0ueTTepre TEOPUSUIIBIK 1I0JTYy HKacaybl, CTyAEHTTEPIIH TUIAIK
JabIHBIFBIH AHBIKTAY I, 15 anTasiblK Me1arorukanblK SKCIIEpUMEHT KYPri3yl,
SKCHEPUMEHTTIK >KOHE OaKblady TONTAPBIHBIH HOTHXKEIEPIH CalIbICTBIPY/IbL,
CoHJlali-aK OeliMeNreH TarchlpMaap/bl capanTaMaiblK Oaraiayabl KaMTUIbL.

3eprrey Hotwkenepi KW werizinmeri Oevtimaey omictepiniy CEFR
JECKPUIITOPJIAPBIHA 197 COMKECTIKTI KamMTaMachl3 ETEeTIHIH, CTYACHTTEPHAIH
KOTHUTHUBTIK )KYKTEMECIH TOMEHIETETIHIH )KOHE OKY MaTeprajIbIHbIH KYPbUIBIMbIH
01pi31eHAIPII, TarChlpMaIap/IbIH THIMAUIITTH apTThIPaThIHBIH KepceTel. XKyMbic
OoJamrak meTes Tl MyFaJiMIepiH aaspiay canachlHa 9ICTEMENIK HeTl3 YChIHA
OTBIPBIN, WHTEJJIEKTYa bl HUPPIBIK Kypanaapbl KOJJaHYIAbIH MPaKTUKAJIBIK
MaHBI3bIH I2JIEIIIEH ],

Tipek ce3mep: wuHTEIUIEKTyanabl UUQPPIABIK Kypaijap, MaTepHaibl
Oeiiimey, Myraiim naspiay, JKM-ke HerizaenreH opicrep, LU pislk 611iM Oepy
opTtacsl, sMnupukaibik 3eprrey, CEFR colikecTiri, oKy HoTHX)enepi

MUCHOJB30BAHUE TEXHOJIOI'M UU JIIA AJAIITAIIUA
JUJAKTHUYECKUX MATEPUAJIOB B OBYYEHUHA
HNMHOCTPAHHOTI'O S3BIKA
*Tanamosa A.K.!, UakiukoBa A.T.2, Temupranuesa C.3.°, Mcnam A.*
*1.234 KasYMOuM S umenn Aobutaii Xana, AimMarel, Kazaxcran

AHHoTaumsi. B craree wHcciaenyercs, Kak HMHTEJJICKTyalbHbIE
nU(ppPOBbIE HWHCTPYMEHTHI IOMOTAIOT OyAyIIMM YYHMTEJSIM aHTJIMHCKOTO
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sI3bIKa IOJIFOTaBJIMBATh Y4eOHblE MaTepHalibl MOCPEICTBOM TEOPETUYECKOU
U TPaKTUUYECKOM OLIEHKU. AKTyaJbHOCTb HCCIEI0BaHUS  00ycloBlIeHA
npojopKaromerics — mudpoBusanueil  o0pa3oBaHUA W HEOOXOIWMOCTHIO
COBEpLIEHCTBOBAHUS IOATOTOBKM II€AAaroroB K padbore ¢ 00ydarouuMmucs,
HMMEIOLIUMU pa3Hble 00pa30BaTeIbHbIE TOTPEOHOCTH.

Henp wuccnenoBaHust  3aKIO4aeTcs B OMIUPUYECKOW  IIPOBEpKE
MPeJJIOKEHHOT0 MeTofla aJaNnTallid MaTephajioB JUIsl OLEHKH €ro BIIUSHUS
Ha KauecTBO MOJIM(DUKALMU 3a/JaHui, NOHMMaHUE y4eOHOrO COJEp)KaHus U
yueOHbIe JOCTHKEHMsI CTYAEHTOB. B pamkax wuccrienoBaHMs aHaIU3UPYIOTCS
uugpoBble 00pa3oBareIbHbIE CPEbl MOCPEICTBOM TEOPETUYECKOTO H3YyUEHUs
MPOLIECCOB  ajanTaluy, WICHTU(PUKAUU [apaMeTpoB  TpaHchopmanuu
y4eOHBIX MaTepHalioB U OLIEHKH UHTEIEKTYyaJIbHBIX HU(PPOBBIX HHCTPYMEHTOB,
MTOIJIEP>KUBAIOIINX JTAHHBIN ITPOLIECC.

B  paGore yTouHAIOTCS ~ OmpeAeNieHUs — ajanTanuud  [UQPOBOU
oOpa3oBareibHONH Cpeapl M JEMOHCTpUpPYETCsl €€ pojib B IOBBIIICHUU
s dexTuBHOCTH TIpEenoaBaHus C OMOPOM Ha Hay4dHbIe MeTonbl. MccnenoBanue
MIOKa3bIBa€T, KAKUM OOPa30M TEXHOJOIMH MCKYCCTBEHHOI'O HMHTEIJIEKTa MOTYT
yAy4lIaTe 0Opa3oBaTeNbHbIM KOHTEHT U METOAMKY OOydeHHs B INporpamMmax
MIOJrOTOBKH I1€Jaroro..

Metononorust  BKJIIOYAE€T  TEOPETUYECKUH  0030p, TECTUPOBaHUE
YPOBHS MOJITOTOBKH CTYJICHTOB, 15-HenenbHbIN MeJarornyeCcKuii
9KCIEPUMEHT, CpaBHEHUE AKCIIEPUMEHTAIbHON u KOHTPOJIbHOM
Ipynn, a TakkKe OJKCHEPTHYI0 OLEHKY MOJU(GUIMPOBAHHBIX 3aJaHUM.
Pesynprarel ncciaenoBaHus MOKa3bIBAIOT, YTO METO/bI aJanTalli, OCHOBaHHbIE
Ha UMW, obGecneunBaror Oosnee TouHOoe cooTBeTcTBUE Aeckpunrtopam CEFR,
CHIDKAIOT KOTHUTHBHBIE 3aTpaThl CTYJEHTOB M [€Nal0T Marepuaibl Oosee
CTPYKTYPUPOBAaHHBIMH, a 3aJ1aHus — OoJiee 3(h(PEeKTUBHBIMU.

HccnenoBanrie BHOCUT BKJIaJ B 00pa30BaTENIbHYIO MPAKTUKY, Ipesyiaras
METOJI0JIOTUYECKUE MPHUHLMIIBI aJalTallud MaTepuajioB W IOATBEpKas
3¢ (EeKTUBHOCTh MHTEIIEKTYaJbHbIX HU(QPOBBIX MHCTPYMEHTOB B IOJATOTOBKE
OyayLIUX MperoiaBaTesield HHOCTPAHHBIX S3bIKOB.

KiroueBble cioBa: MHTEUIEKTyallbHble LUQPOBBIE HHCTPYMEHTHI,
aJlarTanus MaTepuasos, IoIr0TOBKa yuuTenei, metobl HaocHoBe W, iudpoBbie
oOpasoBarenbHbIE Cpe/bl, dIMIupuUeckoe TectTupoBanue, coorBeTcTBue CEFR,
y4eOHbIE Pe3yIbTaThI
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