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Abstract. Personalized adaptive learning has become an important direction
in contemporary computer science education because it enables instructional
processes to be adjusted to students’ individual learning needs, prior knowledge,
and learning pace. This study investigates how university students perceive the
implementation of personalized adaptive learning in computer science courses
and examines its influence on learning engagement, problem-solving abilities,
and academic experiences. Particular attention is given to the factors that facilitate
or hinder students’ acceptance of adaptive educational technologies.

The research employed a mixed-methods design. Quantitative data were
collected from 384 university students using an author-developed questionnaire
based on a five-point Likert scale, while qualitative insights were obtained
through semi-structured interviews with 20 participants selected from the survey
sample. Quantitative findings were processed using descriptive and inferential
statistical techniques, whereas qualitative responses were examined through
thematic analysis to identify recurring perceptions and experiences.

The findings indicate that students recognize the educational value of
personalized adaptive learning, particularly for improving problem-solving
skills, analytical thinking, and engagement in practical learning activities.
Nevertheless, many participants expressed uncertainty regarding their readiness
for self-regulated learning and their ability to assume greater responsibility for
their own educational progress. The study also demonstrates that the educational
benefits of adaptive learning remain constrained by the limited integration of
adaptive technologies into instructional practices, course design, and assessment
procedures.

The results suggest that the successful implementation of personalized
adaptive learning in computer science education requires not only appropriate
technological infrastructure but also pedagogically grounded instructional design,
continuous teacher support, and assessment strategies that better reflect students’
individual learning trajectories.
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Introduction
Computer science education increasingly requires learning models that can
respond to differences in students’ prior knowledge, programming experience, and
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pace of mastering new material. For this reason, personalized adaptive learning
has become relevant as a way to adjust learning content, tasks, and feedback to
individual educational needs. One of the key factors of these transformations
is the active introduction of personalized and adaptive educational technologies
aimed at taking into account the individual characteristics of students, their
level of training, learning rate and cognitive characteristics. In the context of
digitalization of education, these approaches are considered as an effective tool
for improving the quality of education and student engagement, especially in
computer science disciplines.

Inpersonalized adaptive learning, instructional materials, learning activities,
and feedback are continuously adjusted according to learners’ individual progress
and educational needs. Unlike traditional learning models that focus on a single
pace and content for all students, adaptive technologies involve students’ active
participation in managing their own educational trajectory, developing self-
regulation skills, and solving practice-oriented tasks. This approach is especially
relevant for teaching computer science, where differences in the level of training
and the style of thinking of students are most pronounced.

In international educational practice, personalized adaptive learning
is being actively implemented in universities in developed countries, where
digital infrastructure and pedagogical innovations make it possible to effectively
use intelligent learning systems, learning analytics and elements of artificial
intelligence. At the same time, in many educational systems that are in the
process of transformation, traditional, teacher-centered approaches still prevail,
characterized by the predominance of lecture forms, standardized assessment
procedures and limited opportunities for individualization of learning. In such
circumstances, the transition to personalized adaptive learning requires not only
technological changes, but also a revision of pedagogical attitudes, educational
design and assessment system.

The problem is particularly important in the context of computer science
education in higher education. Modern requirements for graduates include not
only subject knowledge, but also advanced skills in algorithmic thinking, problem
solving, self-study, and digital competence. However, traditional teaching methods
do not always ensure that these competencies are fully developed. Personalized
adaptive learning based on individual educational trajectories, programming
practice, and learning error analysis can contribute to deeper learning and the
development of students’ professional skills.

Despite the obvious potential of personalized adaptive learning, its practical
implementation in university education faces a number of difficulties. The main
problems include the limited willingness of students to self-regulated learning,
the insufficient level of digital pedagogical training of teachers, as well as the
fragmented introduction of adaptive technologies into the educational process.
As a result, personalized solutions are often used sporadically, without system
integration into the educational environment and teaching methods of computer
science.
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In this regard, it is of particular interest to study the perception of students
as key participants in the educational process. Analyzing their attitudes towards
personalized adaptive learning, assessing its impact on learning outcomes, and
factors contributing to the adoption or resistance of these approaches allows for
a deeper understanding of the real opportunities and limitations of implementing
adaptive technologies in university practice.

The present study investigates personalized adaptive learning in the process
of studying computer science in higher education through the prism of students’
perception. The paper analyzes the general attitude of students to adaptive
educational technologies, their impact on learning outcomes and involvement in
solving educational and practical tasks, as well as the conditions that determine
students’ willingness to learn in a personalized digital environment. In particular,
the research aims to find answers to the following questions:

1. What is the general perception of personalized adaptive learning by
university students in the process of studying computer science?

2. How do students assess the impact of personalized adaptive learning on
their learning outcomes and engagement?

3. What factors contribute to the acceptance or resistance of personalized
adaptive learning by students?

Personalized adaptive learning is based on modern learning theories
that focus on the individual characteristics of students, their cognitive styles,
the level of training and the rate of assimilation of educational material [1].
Unlike traditional learning models, which assume a single content and pace
for all students, personalized learning is focused on the formation of individual
educational trajectories that take into account differences in knowledge, skills
and learning needs of students [2].

Adaptive learning involves the use of digital technologies, learning
analytics, and artificial intelligence elements to dynamically modify the learning
content, complexity of tasks, and feedback forms [3]. Within the framework of
this approach, students are not passive recipients of information, but actively
interact with the educational environment, taking part in managing their own
learning [4]. Personalization is achieved by analyzing learning data, including
test scores, behavioral patterns, and typical student mistakes.

Findings reported in recent empirical studies indicate that adaptive
instructional approaches may contribute to stronger learner engagement and
sustained motivation, particularly in technology-supported learning environments
[5]. Such approaches are especially effective in a digital educational environment,
where learning can be flexible, modular, and focused on the practical application
of knowledge [6].

In recent years, personalized adaptive learning has been actively
implemented in higher education in order to improve the quality of training
specialists with not only subject knowledge, but also skills in critical thinking,
problem solving and independent learning [7]. Universities are increasingly
using adaptive platforms, intelligent learning systems, and online courses to
accommodate students’ individual differences.
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Personalized adaptive learning is of particular importance in the field
of computer science and computer science education [8]. These disciplines
are characterized by high variability in the level of initial training of students,
differences in algorithmic thinking and the speed of mastering practical
programming skills. Adaptive technologies allow students to master the material
at their own pace, receive individual recommendations and timely feedback.

Personalized adaptive technologies may improve engagement, motivation,
and academic performance [9], but their effectiveness depends on course design
quality and students’ readiness for autonomous learning.

Despite the significant potential of personalized adaptive learning, its
practical implementation in universities faces a number of challenges. One of the
key barriers is the preservation of traditional, teacher-centered learning models,
in which students are accustomed to a clearly structured learning process and
minimal independence.

Additional difficulties are associated with limited digital pedagogical
training of teachers, insufficient integration of adaptive technologies into
curricula and the lack of a systematic approach to the use of educational data.
In the context of mass higher education, there are also problems associated with
large study groups and limited resources.

Modern online platforms, automatic task verification systems, intelligent
assistants and analytical tools can partially compensate for the lack of resources
and provide individual support to students. The use of adaptive technologies in
computer science teaching is particularly promising, where digital tools are an
integral part of the learning process.

Studying students’ perceptions is an important aspect of evaluating the
effectiveness of personalized adaptive learning. Students’ attitude to adaptive
technologies, their subjective assessment of the usefulness, convenience and
fairness of adaptation significantly affect the level of academic engagement and
willingness to use these approaches in educational activities.

Research shows that students who positively perceive personalized
learning are more likely to demonstrate a high level of motivation, activity, and
satisfaction with the learning process [ 10]. At the same time, students accustomed
to traditional forms of teaching may have difficulty transitioning to self-regulated
and adaptive learning, especially if they are not provided with sufficient support
and clear instructions [11].

In the context of computer science education, the perception of personalized
adaptive learning is of particular importance, since successful mastery of the
discipline requires regular practice, independent work and error analysis [12].
Understanding the factors contributing to the acceptance or resistance of adaptive
technologies on the part of students makes it possible to develop more effective
pedagogical strategies and create conditions for the sustainable implementation
of personalized learning in university practice.
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Materials and methods

A cross-sectional mixed-methods design was applied to examine students’
perceptions at one point during the 2024-2025 academic year. The quantitative
stage involved a questionnaire survey, while the qualitative stage used semi-
structured interviews to clarify students’ individual experiences. The combination
of quantitative and qualitative methods allowed us to gain a comprehensive
understanding of the students’ learning experience, their attitude to adaptive
technologies, as well as the difficulties and advantages of their application.

To ensure the diversity of the sample, a convenient sampling method
was used, which made it possible to reach students from various faculties and
educational programs related to computer science and computer science. The
study involved 384 students who filled out a questionnaire aimed at assessing their
attitudes towards personalized adaptive learning, perceptions of its effectiveness
and emerging difficulties. The questionnaire included 45 statements on the Likert
scale, which made it possible to quantify the subjective experience of students.

For an in-depth analysis of students’ perceptions, a subsample of 20
participants was selected, with whom semi-structured interviews were conducted.
The interviews provided a deeper understanding of the students’ individual
learning experiences, the specifics of interacting with an adaptive educational
environment, and their suggestions for improving the implementation of
personalized adaptive learning in computer science courses.

Statistical processing included descriptive measures for summarizing the
dataset and inferential procedures for examining differences between participant
groups. The SPSS v.27 software tools were used for data processing, whereas
NVivo v.12.

The study participants were selected from among university students in
the 2024-2025 academic year by distributing questionnaires to students studying
computer science disciplines. The sample was formed using the convenient
sampling method, which made it possible to quickly collect the required number
of respondents.

The total sample size was 384 students, and there was a gender imbalance:
73.4% of the respondents were women and 26.6% were men. According to
the courses of study, the largest proportion of the sample were students of 2-3
courses (38.0% and 38.3%, respectively), while students of 1 and 4 courses were
represented to a lesser extent (15.1% and 8.6%).

By place of residence, the majority of participants represented rural areas
(44.0%), followed by urban residents (33.1%) and students from remote or hard-
to-reach regions (22.9%). This sample structure reflects a typical demographic
picture of students studying in computer science-related fields.

The questionnaire was developed in stages to ensure its reliability and
validity. At the initial stage, 60 statements were formulated on a five-point Likert
scale aimed at assessing students’ perception of personalized adaptive learning in
the process of studying computer science. The statements were developed based
on attitude criteria and grouped into the following five dimensions:
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- Learning engagement and motivation (10 statements);

- development of problem solving and algorithmic thinking skills (10
statements);

- learning experience and individualization of learning (10 statements);

- The role of the teacher and the digital educational environment (10
statements);

- Assessment and feedback in adaptive learning (5 statements).

The respondents rated their degree of agreement on a five—point scale:

1 - completely disagree;

2 - disagree;

3 -1 find it difficult to answer;

4 - 1 agree;

5 - I totally agree.

To verify the reliability of the questionnaire, a pilot study was conducted,
based on the results of which statements with a Cronbach’s alpha coefficient
from 0.71 to 0.91 were selected, which indicates a high internal consistency of
the scales.

Forthe qualitative stage of the research, a Semi-structured interview program
was developed, which includes six thematic blocks: educational engagement, the
experience of personalized learning, the development of independence, the role
of adaptive technologies, the perception of assessment and motivation to learn
computer science.

The research procedure was conducted in compliance with ethical and
methodological requirements. At the initial stage, the permission of the university
administration to conduct the research was obtained. The survey was conducted in
face-to-face format, after which the data was carefully checked for completeness
and correctness.

384 correctly filled out questionnaires were selected from the total array
of questionnaires, the rest were excluded from the analysis. In parallel, Semi-
structured interviews were conducted with 20 students who expressed their
voluntary consent to participate and an audio recording of the conversation.
The interviews were conducted individually, which allowed for detailed and
meaningful answers.

The use of quantitative and qualitative data collection methods ensured
the complementarity of the results and increased the reliability of the study’s
conclusions.

To analyze quantitative data, the capabilities of the IBM SPSS Statistics
v.27 package were used. Descriptive statistical methods (frequencies, averages,
standard deviations) were used, as well as scale intervals for interpreting averages:

1.00-1.80 — complete disagreement.

1.81-2.60 — disagreement.

2.61-3.40 — uncertainty.

3.41-4.20 — consent;

4.21-5.00 — full consent.
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The student’s t-test and univariate analysis of variance (ANOVA) were
used to identify differences between the groups.

The qualitative data obtained during the interview was analyzed using
thematic analysis in the NVivo v.12 environment, which made it possible to
identify key topics reflecting students’ perception of personalized adaptive
learning.

Results and discussion

Table 1 presents the results of the analysis of students’ perception of
personalized adaptive learning in the process of studying computer science. The
analysis is based on data collected from 384 students. The section on academic
engagement and motivation presents assessments of the effectiveness of
personalized adaptive technologies in terms of increasing students’ interest and
activity in the learning process.

Table — 1. Students’ perception of personalized adaptive learning in the
process of studying computer science

Component N Mean | SD Interpretation
Academic engagement and motivation 384 292 |0.80 | Uncertainty
Critical thinking and problem solving 384 |3.46 |0.72 | Approval
Learning experience 384 | 3.18 |0.81 | Uncertainty
The role of the teacher 384 |2.61 |0.78 | Disagreement
Evaluation and feedback 384 [2.58 |0.76 | Disagreement

The results show that students generally do not strongly agree that
personalized adaptive learning automatically increases their engagement and
interest in learning computer science. Thus, the statement “I feel more involved
when learning adapts to my level of knowledge” has an average value of M =
2.49 (SD = 0.850), and the statement “Personalized adaptive learning increases
my interest in the discipline being studied” has an average value of M =2.48 (SD
=0.620). Low averages indicate that some students are skeptical about the ability
of adaptive technologies to increase motivation on their own.

At the same time, students positively evaluate individual elements of
personalized adaptive learning. For example, the statement “I like learning using
adaptive tasks and collaboration” received an average value of M = 3.53 (SD =
0.750), and “Practice-oriented adaptive tasks are more interesting than traditional
lectures” - M = 3.52 (SD = 0.698). This indicates that students recognize the
value of the practical orientation and flexibility of adaptive methods.

However, a significant portion of the responses reflect uncertainty,
especially regarding self-regulated learning. The statements “Adaptive learning
motivates me to study topics independently” (M = 2.95; SD = 0.841) and “I feel
more responsible for learning outcomes in an adaptive environment” (M = 2.92;
SD = 0.796) show that students are not always ready to take an active role in
managing their own educational trajectory. This result is consistent with research
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indicating the difficulties of moving from traditional forms of learning to self-
regulated digital models.

The analysis of the block related to the development of critical thinking
and problem-solving skills demonstrates more positive assessments. Students
generally agree that personalized adaptive learning promotes the development
of analytical thinking and practical programming skills. The statement “I feel
more confident when solving complex problems after learning in an adaptive
environment” has a value of M = 3.49 (SD = 0.710), and “Adaptive learning
helps connect theory with practical tasks™ has a value of M = 3.55 (SD = 0.698).

High averages were also obtained for statements related to analytical
thinking and reflection: “Adaptive learning encourages me to ask more questions”
(M =3.51; SD = 0.711) and “I analyze information critically more often when
learning in an adaptive environment” (M = 3.49; SD = 0.681). This confirms
the potential of personalized adaptive technologies in shaping the professional
competencies of future computer science specialists.

At the same time, indicators related to group projects and the development
of creativity remain in the zone of uncertainty. For example, “Adaptive group
projects improve my problem-solving skills” (M = 2.97; SD = 0.815) and
“Adaptive learning stimulates my creative thinking” (M = 3.03; SD = 0.825)
reflect students” ambiguous attitudes towards these aspects.

The results of the learning experience analysis show that students recognize
that personalized adaptive learning makes the educational environment more
dynamic (M = 3.52; SD = 0.830) and generally more attractive compared to
traditional lectures (M = 4.00; SD = 0.795). At the same time, students do not
always feel in control of their own learning (M = 2.47; SD = 0.790), which
indicates the need for clearer pedagogical support.

Regarding the role of the teacher, most of the statements received ratings
of disagreement. This indicates that students do not always perceive the teacher
as an effective facilitator of adaptive learning. The exception is the statement
“Teacher feedback in an adaptive environment is more useful than in traditional
teaching” (M = 3.52; SD = 0.580), which emphasizes the importance of high-
quality digital feedback.

The analysis of the assessment block shows that students are critical of
existing forms of assessment in a personalized adaptive environment. Most of the
statements received values below the consent threshold, which indicates a lack
of transparency and consistency of assessment procedures with the principles of
personalization and adaptability.

The results of the t-tests (Table 2) showed no statistically significant
differences between men and women in all analyzed components (p > 0.05). This
indicates that the perception of personalized adaptive learning does not depend
on gender.
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Table — 2. Comparison of perception of personalized adaptive learning by
gender (t-test)

Indicator t Sig. (2-tailed)
Engagement and motivation 0.109 0.914
Critical thinking -1.090 0.278
Learning experience 0.426 0.671
The role of the teacher 0.156 0.876
Evaluation 0.763 0.446

The univariate analysis of variance (Table 3) also did not reveal significant
differences between students of different courses in most indicators. A slight
approximation to the significance level is observed only in the “assessment and
control” block, however, the differences do not reach a statistically significant

level (p > 0.05).
Table — 3. Comparing the perception of Personalized Adaptive Learning by
Course (ANOVA)
Indicator F Sig.
Engagement and motivation 0.575 10.631
Critical thinking 1.142 [0.332
Learning experience 0.906 |0.438
The role of the teacher 0.610 [0.609
Evaluation 2.112 10.098
Conclusion

In this study, the perception of personalized adaptive learning by university
students in the process of studying computer science was studied. The results
showed that students generally positively assess the potential of personalized
adaptive educational technologies, especially in the context of developing critical
thinking, analysis, and practice-oriented problem-solving skills. At the same
time, differences have been identified in the assessments of the effectiveness of
these approaches in terms of increasing academic engagement and motivation.
A significant part of the students expressed doubts about their willingness to
fully take responsibility for the learning process, which indicates insufficiently
developed skills of self-regulated learning, which are a key component of
personalized adaptive models.

Despite this, students positively perceive individual elements of personalized
adaptive learning, such as practice-oriented tasks, adaptive exercises, and
interactive forms of work that contribute to a deeper understanding of computer
science teaching materials. At the same time, the dominance of traditional
forms of teaching, particularly the lecture format, continues to limit students’
opportunities to actively participate in the learning process and make full use
of the potential of adaptive technologies. This indicates that the introduction of
personalized adaptive learning requires not only technological solutions, but also
systemic changes in teaching practice.
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An analysis of the teacher’s role has shown that students do not always
perceive teachers as effective facilitators of adaptive learning. This reflects the
complexity of the transition from a teacher-centered model to student-centered
and data-driven learning, in which the teacher acts as a mentor, an analyst
of educational data and an organizer of individual educational trajectories.
Insufficient pedagogical support and limited integration of adaptive tools reduce
the effectiveness of learning personalization.

In addition, the results of the study revealed the critical attitude of students
towards existing forms of assessment in a personalized adaptive environment.
Students note that assessment procedures do not always reflect their individual
progress, the learning process, and the development of practical programming
skills. This indicates the need to revise the assessment system with an emphasis
on formative feedback, analysis of educational data and tracking the individual
dynamics of student achievements.

The findings obtained in this investigation suggest that adaptive instructional
strategies can strengthen computer science education when they are supported by
appropriate pedagogical practices and institutional readiness.
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KOT'APT'BI OKY OPBIHJIAPBI CTYAEHTTEPIHIH
NHO®OPMATUKAHBI OKY INPOUHECIHAE JEPBECTEHAIPIJIT'EH
AJJAIITUBTI OKBITYAbI KABBIJITAY bI
*3ynmbixap XK.E.!, Cepik M.2, HIsinganues H.T.?, *)Kunmaramberosa P.3.*
*1234]L H. I'ymuneB atbingarsl Eypasust yITTBIK YHUBEPCUTETI
Acrana, Ka3zakcrtan

Angarna. JlepGecTeH1ipuIreH aJanTyuBTl OKbITY Ka3ipri HHGOpMaTUKaHbI
OKBITYJIbI IAMBITY/IBIH MaHBI3/Ibl OAFBITTAPBIHBIH O1p1 O0JIBIT TAOBLIA/IBI, OUTKEHI
OJl CTYAEHTTEPIIH >KeKe OUlM Oepy KaKeTTUIIKTepiH, OacTamkbl JalbIHIBIK
JICHrefiH JKOHE OKy MaTepuallblH MEHIepy KapKbIHbIH €CKepyre MYMKIHAIK
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Oepeni. by makanana yHUBEpCUTET CTY/IEHTTEPIHIH MHPOPMATHKA KypCTapbIHIa
nepOecTeHAIpUIreH aJanTUBTI OKBITYIbl KOJJAHYAbl Kaldail KaObUIIalTHIHBL,
COHJIali-aK OHBIH OKYy OeJICeH[UIIriHe, eCenTepil LIelly JaripliapblHa >KOHE
KAl OUTIM airy TOKipuOECiHe BIKMAJIbl KapacThipbliaabl. COHBIMEH Karap
ajanTuBTi OLTIM Oepy TEXHOJIOTHUSJIApbIH KaObulJayFa bIKMall €TETIH HeMece
ojapApl KOJIJaHy/la KUBIHIBIK TYFbI3aTblH (DakTopiapra epekuie Hazap
ayJapblUIajibl.

3eprTey apanac oiCHAMANBIK TOCUT HeriziHae xyprizuiml. CaHIbIK
nepektep 6ec Oanapik JlaiikepT mIKaiachklHA HETI3[EreH aBTOPJIBIK cayajiHama
apkputbl 384 crymeHTTeH >KuHaiubel. CamajblK JEPEeKTEp KaNIbl 1pIKTEMEICH
Tananrad 20 KaTbICYIIBIMEH OTKI3UITeH JKapThllIal KYPhUIBIMAAIFAH cyx0arTap
apKbUIbl alblHABL. CaHABIK HOTHXKEJIEp CUIAaTTaMalblK JKoHE MH(EepEeHIUaNIbIK
CTaTUCTUKA OJICTEpIMEH OHJeNl, al cyxOar Kayantapbl CTYAEHTTEpPIiH
KaliTalaHaTblH MIKIpJIEpl MEH OKYy TOXIpUOECIH aHbIKTay MAaKCaTbhIHJa
TaKbIPBIITHIK TNy apKbUIbI 3€pCIICH/I.

3epTTey HOTHXKENEpl CTYICHTTEpAIH JepOeCTeHMIPIITeH aJanTHBTI
OKBITYAbIH OUIIM Oepy KYHIBUIBIFBIH, 9Cipece ecenrtepll HICeLly IaF/blUIapbiH,
AQHAIUTUKAJBIK OWIay[bl JKOHE TPAKTUKAJIBIK OKY OpEKeTIHE KaTbICY/bl
JAMBITYIafbl  MaHBI3bIH ~ MOWBIHAAWUTHIHBIH ~ KepceTTi. CoHbiMeH Oipre
KaTBICYIIBUTAPABIH  €19yip Oeuiri ©31H-631 PEeTTEeUTIH OKyFa JTalbIHIBIK
JICHreiiHe KOHE 63 OKY TPACKTOPUSCHI YILIIH KayalKepIIUIKTI €3 OeTiHIle
KaObu1ay KaOlleTiHe KaTbICThl ceHiMmci3mik Ouinipai. CoHpail-ak ajganTHUBTI
OKBITYZIBIH THIMIUTIT] aJalTUBTI TEXHOJIOTUSIIAP/IBIH OKBITY TOKIpHOECIHE, KypC
KYpBbUIBIMbIHA KQHE Oaraiay paciMepiHe KEeTKIIIKCI3 €HI13U1yIMEeH HIeKTeNIeTIH]
AHBIKTAJI/IBL.

3epTTey HoTUXKEIepl MH(POPMaTUKaHbI OKBITY IIPOLieCciHe AepOecTeH IIpii-
reH aJalTUBTI OKBITYAbl TaOBICTBl €HI13y YIIIH TEK TEXHOJOTHSUIBIK
MH(QpPaKYpbUIbIM FaHa €MeC, COHbIMEH Karap IeJarorukaiblK TYPFbIIaH
HET13/1eNITeH OKY TU3aliHbl, OKBITYIIBIHBIH TYPAKThI KOJIJIAy bl )KOHE CTYACHTTEPIIH
KEKEe OKY JKETICTIKTEpiHIH JMHAMUKAChIH KOpceTeTiH Oarajay >Kyhecl KakeT
€KeHIH KepceTel.

Tipexk ce3aep: nepOecTeHAIpUIreH aJanTHBTI OKBITY, HH(pOpMaTHKa
OOMBIHIIA OKBITY, KOMIIBIOTEPIIK TEXHOJOTHsUIAp, aJalTHUBTI OKBITY, ©31H-031
PETTENTIH OKBITY, CTYACHTTEPAl KaObLI/1ay, OKyFa KaTbICy, OKbITYIbIH THIMILIIr

BOCIIPUATUE CTYAEHTAMU YHUBEPCUTETA
HNEPCOHAJIM3UPOBAHHOTI'O AJJAIITUBHOI'O OBYYEHUS B
MNPOLUECCE U3YUEHUSA UHOOPMATUKH
*3ynmeixap XK.E.!, Cepik M., [llsinganues H.T.?, ¥ Kunmaramberoa P.3.4
*1234Eppasuiickuil HaMOHABHBIH yHuBepcuteT umenn JI.H. ['ymunesa
Acrtana, Ka3axcran

AHHOTa].[I/Iﬂ. HepCOHaJ'II/BI/IpOBaHHOC aJalI TUBHOC 06yquI/Ie CTaHO-
BUTCA OAHHUM M3 3HAYHUMBIX HaHpaBJ'ICHI/II\/’I pa3sBUTHA COBPECMCHHOI'O O6y‘ICHPI§I
HH(bOpMaTHKC, ITOCKOJIbKY IIO3BOJISACT YUUTBIBATH HHAWBUYAJIbHBIC
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oOpa3zoBareibHble MOTPEOHOCTH CTYAEHTOB, X UCXOJHBIM YPOBEHb IMOATOTOBKU
U TEMIl OCBOEHHMS MaTepuana. B naHHOW craThe paccMaTpuBaeTcs, Kak
CTYJIEHThl YHUBEPCUTETA BOCIIPUHUMAIOT IPUMEHEHNE EPCOHAIN3UPOBAHHOTO
aJIalITUBHOTO 00y4YeHHUsl B Kypcax MHPOPMATUKH, a TAKXKE KaK OHU OLIEHUBAIOT
€ro BJIMSHHUE Ha y4eOHYIO BOBJICYEHHOCTh, Pa3BUTHE HABBIKOB PELICHUS 3aj]a4y
u o0mui oOpaszoBarenbHbI onbIT. Ocoboe BHUMaHUE yreiseTcs: (akropam,
KOTOpbIE CIIOCOOCTBYIOT MIPUHATHIO aJalTUBHBIX 00Pa30BaTEIbHBIX TEXHOIOTUN
WM, HAIPOTHB, BBI3BIBAIOT 3aTPYAHEHUSI IPU UX UCIIOIb30BAHHH.

WccnenoBanre ObUIO  MPOBEIEHO € MPUMEHEHHEM CMEUIAaHHOTO
MeTozooruueckoro noaxoaa. KomnyecTBeHHbIE JaHHbIE OBLIM MOTY4YEHBI Ha
OCHOBE aHKETHpOBaHUS 384 CTYJICHTOB C HCIOIH30BAHUEM ABTOPCKOW aHKETHI,
MIOCTPOEHHOM Ha nsATHOaIbHOMU 1IKane Jlaiikepra. KauecTBeHHbIE TaHHBIE ObLIN
coOpaHbl MOCPEICTBOM MOTYCTPYKTYPUPOBAHHBIX UHTEPBBIO ¢ 20 yyacTHUKaMH,
oroOpaHHbIMU U3 o0Owiell BbIOOpKU. KonnuecTBeHHbIE pe3yabTaThl ObLIN
o0paloTaHbl ¢ MPUMEHEHUEM ONKCATEIbHON U MH(PEPEHLINATbHOW CTATUCTHKH,
a OTBETHI MHTEPBBIO MMPOAHATIN3UPOBAHBI METOAOM TEMATUYECKOTO aHaIn3a JIIs
BBISIBJICHUSI IOBTOPSIFOIIMXCSI MHEHUI U Y4E€OHOT'O OIbITA CTY/IEHTOB.

[lomydyeHHble pe3ynbTaTbl MOKa3bIBAIOT, YTO CTYAEHTBl IPU3HAIOT
o0pa30BaTeIbHYI0 LEHHOCTh MEPCOHATM3UPOBAHHOTO aJalTUBHOTO O0yuyeHus,
OCOOEHHO B Pa3BUTUM HABBIKOB PEUICHMS 3a/la4y, aHAJUTUYECKOIO MBbIILJICHUS
U BOBJICYEHHOCTH B IMPAKTHUKO-OPUEHTHPOBAHHYIO YUYEOHYIO J1€ATEIbHOCTb.
Bwmecte ¢ TeM 3HauMTeNIbHAS YAaCTh YYACTHUKOB BBIPA)KAET HEOIpPENeIEHHOCTh
OTHOCHUTEJIbHO TOTOBHOCTH K CaMOpEryaupyeMoMy OoOy4YEHHIO U CIIOCOOHOCTH
CaMOCTOSITEJIbHO OTBEYaTh 3a COOCTBEHHYIO OOpa30BATENbHYIO TPAEKTOPHIO.
Taxke  ycraHoBieHO, 4YTO  3((EKTUBHOCTh  aJaNTUBHOIO  OOy4YeHUS
OTPAaHWYMBACTCA HENOCTAaTOYHONM HWHTErpallMed aJanTUBHBIX TEXHOJIOTHHA B
MIPENOaBaTEeNbCKYI0 IPAKTHKY, CTPYKTYPY Kypca U IPOLEAypbl OLIEHUBAHUS.

Pesynprarel uccienoBaHUs MO3BOJSIOT 3aKIIOYWUTh, YTO YCHEIIHOE
BHEJPEHUE NEPCOHAIU3UPOBAHHOIO aJalTUBHOIO O0OydeHHs B IpoLecc
U3y4YeHUs HHPOPMATUKU TpeOyeT HE TOJIBKO pa3BUTON TEXHOJIOTHYECKOU
UHQPACTPYKTYpbl, HO U MEJarornyecku OOOCHOBAaHHOIO Y4YeOHOro Ju3aiiHa,
MIOCTOSIHHOM MOJAEPHKKHU MPEIo1aBaTesisi U CUCTEMbl OLIEHUBAHMSI, OTpakarolien
WHAUBUAYAIbHYIO TUHAMUKY YY€OHBIX TOCTUKEHUN CTY/IEHTOB.

KiroueBbie cioBa: nepcoHaNIM3UMPOBAHHOE aJalTUBHOE OOydeHue,
oOydenne mHGOPMATHUKE, KOMIBIOTEPHBIE TEXHOJIOTHH, aJJalTUBHOE OOy4YECHHUE,
camoperyiupyemoe o0y4ueHune, BOCIPUATHE CTY/IEHTOB, yueOHasi BOBICUEHHOCTD,
3¢ peKTUBHOCTD 0OyUCHUS
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